[ Downloaded from www.opsi.ir on 2025-12-18 ]

b?he\or\ics So%’ w‘).D.S MQ)LP 9 U‘)"‘ &S.uysﬁ

/Q o IRl SEP 6 )ld g (i \1 ’,‘
%Jg/ﬁ Gleal o)l yexr dgd olKadls ‘ ‘ '

P . '}f,}.}/_/fﬂ‘:w’
Ol el 95 SN =470

VFer g VY-V F

O
Plic,

o
Y

seosls guuaib 0 LDA g PCA b sasS I Jwols sl gl aws o
SVM b9y & 6,5 LW conslisg 8 (2 lioley

S0 Lo joummo vuw « Sl B Sod ad po ccend Jle s HLGL

OLQ-&#O‘ s).xh:" &LO ‘5.2.9.3..0 Om‘é )}.s.‘ 9 Mn“v‘ ‘S)BL;’: 5 ﬁsl_c o ’S - bs‘}_:.

AU gty il 5923 1 (o0 51,8 eolistwl 390 Guisaib Juo CBs (fulEl Heliie 4 aF Cuwl (SUST Slayl Gials — ounSs
SLpodld gu—uvaiib 55 (LDA) s S—S&5 Jloni 9 4y 325 9 (PCA) (Lol algo S’ slahgy gabimwg 4 olul als
& (SVM) sl 150 comdlo gy 31 oolisiu! b JSei- pg,5— T (G3LIT (sladigns (LIBS) )5 (ol Consiivg 3 o1 losiobiy
@ =ld g (s J,5 L SVM guiaaib gl PCA (g 59 .85 )18 (o) 390 (RBF) oo lads g (s Ji)S @l 90 of oo
I)PCA (fig) imal )5 gy gl el caws T5A 9 100w pilyy a5 49 alis (I LDA (g 5 9 ol 1AM g 1Nee i

D1 Glid (295 40392 (2l )9 LDA (g, b duay o 5o

B wly dad S8 Julow 5 4500 Lol ddlge Judow o650 ol canslig 8 oleiolin ol oy uiile —03lg wuls

Comparison of dimensional reduction of PCA and LDA techniques in
laser induced breakdown spectroscopy data classification with SVM
method

Yashar Ahmadi Alinasab, Marziyeh Hemati Farsani, S. Mohammad Reza Darbani

Optics-Laser Science and Technology Research Center, Malek Ashtar University of
Technology, Isfahan

Abstract- Dimensional reduction is a technique used to increase the accuracy of the classification model. In this
study, the effect of dimensional reduction by Principle Component Analysis(PCA) and Linear Discriminant
Analysis(LDA) on the classification of laser-induced breakdown spectroscopy(LIBS) data of iron-chromium-
nickel alloy samples was investigated using the Support Vector Machine(SVM) method with two linear and
Radial Basis kernel(RBF) functions. For PCA method, classification results for SVM method with linear and
radial kernels were %100 and %98, respectively, and for LDA method, these results were %100 and %68,
respectively. The results showed that the PCA method was more effective than the LDA method in this field.

Keywords: Support Vector Machine(SVM), Laser Induced Breakdown Spectroscopy(LIBS), Principle component
Analysis(PCA), Linear Discriminant Analysis(LDA), Kernel Function
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